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Assessment of Al Agentic Models' Scholastic Abilities
through the Korean CSAT

Yoonjeong Kim*, Jinhyuk kim++ and Shi-Ho Kimxx*

Abstract

This study evaluates the scholastic abilities of leading Al agentic models - GPT-5, Gemini 2.5
Flash, DeepSeek, and Perplexity- by administering the 2026 Korean CSAT under controlled,
no-internet conditions. GPT-5 achieved the highest overall score, showing top-tier mathematical
performance, while DeepSeek and Gemini displayed stronger language?math trade-offs. Perplexity
performed the worst due to instability and attempted online queries. Across models, Korean
Language and high-difficulty mathematics items remained major weaknesses. Results show that
despite rapid progress, no model reached scores competitive for major four-year universities. The
findings highlight linguistic and cultural limitations of globally trained Al and support the CSAT's
potential as a benchmark for developing sovereign, Korea-optimized Al systems.
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extracting candidate regions
including humans and robots
in each image
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Classifying the candidate regions
by the cascaded weak classifiers
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Estimating the 3D position of
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3.Tracking v

Tracking the position of
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1. Preprocessing
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